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[Abstract] 1In recent years, the research of spatiotemporal clustering of disease is attracting
more and more attention, which plays an important role in understanding the temporal and spatial
distribution characteristics of diseases, and can provide references for the etiology exploration and
prevention and control of diseases. In order to better understand the research methods of
spatiotemporal clustering of diseases and its application progress, this paper summarizes the statistical
methods commonly used in relevant researches at demestic and abroad from three aspects of temporal
clustering, spatial clustering and spatiotemporal clustering of diseases.
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