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[Abstract] Observational study is a method most commonly used in the etiology study of
epidemiology, but confounders, always distort the true causality between exposure and outcome when
local inferencing. In order to eliminate these confounding, the determining of variables which need to
be adjusted become a key issue. Directed acyclic graph (DAG) could visualize complex causality,
provide a simple and intuitive way to identify the confounding, and convert it into the finding of the
minimal sufficient adjustment for the control of confounding. On the one hand, directed acyclic graph
can choose less variables, which increase statistical efficiency of the analysis. On the other hand, it
could help avoiding variables that is not measured or with missing values. In a word, the directed
acyclic graph could facilitate the reveal of the real causality effectively.
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