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[Abstract] The overall details of causality frames in the objective world remain obscure, which
poses difficulty for causality research. Based on the temporality of cause and effect, the objective
world is divided into three time zones and two time points, in which the causal relationships of the
variables are parsed by using Directed Acyclic Graphs (DAGs). Causal DAGs of the world (or causal
web) is composed of two parts. One is basic or core to the whole DAGs, formed by the combination of
any one variable originating from each time unit mentioned above. Cause effect is affected by the
confounding only. The other is an internal DAGs within each time unit representing a parent-child or
ancestor-descendant relationship, which exhibits a structure similar to the confounding. This paper
summarizes the construction of causality frames for objective world research (causal DAGs), and
clarify a structural basis for the control of the confounding in effect estimate.
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