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Application of weighted adjustments of dropout rates in sensitivity analysis of medical
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[ Abstract] Objective To explore the application of weighted adjustments of dropout
rates in sensitivity analysis of medically repeated measurements data and the implementation with
SAS 9.4 software. Methods By compiling SAS codes, mixed-effects models for repeated measures
were used to conduct the covariance analysis of multivariable repeated measurements data.
Meanwhile, the overall dropout rate and the dropout rates of each group were used to make
weighted adjustments by applying pattern-mixture models, which was considered to be a sensitivity
analysis to validate the stability of results. Results The dropout rates of placebo group, low-dose
and high-dose groups were 8.77%, 11.79% and 16.15%, respectively, the differences were significant
(P=0.025). The results of mixed-effects models for repeated measures showed the differences of
curative effect indicators changes from baselines of between high-dose, low-dose groups and
placebo group were significant (P=0.008 and P=0.002). The results of pattern-mixture models
considering weighted adjustments of the respective groups' dropout rates were consistent with
those of mixed-effects models for repeated measures. Conclusions The pattern-mixture models
considering weighted adjustments of dropout rates can be used in the sensitivity analysis of
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repeated measurements data. The SAS codes can provide a practical basis for the popularization and

application of weighted adjustments of dropout rates in the sensitivity analysis of repeated

measurements data.
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proc mixed data=dataset ;

(pattern-mixture

class subid treat week ;

model chg = treat week treat*week base ;

repeated week/sub=subid type=un;

Ismeans treat*week / diff cl;

estimate "groupl vs placebo’ treat 1 0 -1;

estimate 'group2 vs placebo’ treat 0 1 -1;

run;
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HREE;

Polet rall=0.1227 ; * LA & 5 5

Polet rp=0.0877 ; *LZ I 7 L0 i v % 5

Plet rg1=0.1179 ; *{ILF w2 % 8+ 5

%olet rg2=0.1615; * &5 Atk LI 7%

%let dg1=0.0302; *{IKF & 4 5 2t 5
R 25

Polet dg2=0.0738; * &y 7] £ 2 5 22 JEL 0 4 Bt 7%
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proc mixed data= dataset method=reml ;

21 v

class treat subid;

model diff=week treat week*treat drop drop*week
drop*treat drop*week*treat base/solution ;

random intercept week/sub=subid type=un ¢
gcorr;

estimate 'week*drop*treat placebo vs. group!’

drop*week*treat 1 0 -1;

estimate 'week*drop*treat placebo vs. group2’

drop*week*treat 0 1 -1;

*E*Fmarginal intercept;

estimate 'IPA: INT Placebo Average’

intercept 1 treat 0 0 1 drop &rall drop*treat 0 0
&rall;

estimate 'I1AP: INT Groupl over Placebo
Average'

treat 1 0 -1 drop*treat &rall 0 -&rall;

estimate '12AP: INT Group2 over Placebo
Average'

treat 0 1 -1 drop*treat 0 &rall -&rall ;

contrast 'I1AP: INT Groupl over Placebo
Average'

treat 1 0 -1 drop*treat &rall 0 -&rall;

contrast '[2AP: INT Group2 over Placebo
Average'

treat 0 1 -1 drop*treat 0 &rall -&rall;

contrast 'lbothAP: INT Groupl= INT Group2=
INT Placebo Average’

treat 1 0 -1 drop*treat &rall 0 -&rall,

treat 0 1 -1 drop*treat O &rall -&rall;

****marginal slope;

estimate "'WPA : Week (Slope) Placebo Average’

week 1 Week*treat 0 0 1 drop*week &rall
drop*week*treat 0 0 &rall;

estimate 'W1AP: Week (Slope) Groupl over
Placebo Average’

week*treat 1 0 -1 drop*week*treat &rall 0
-&rall ;
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estimate 'W2AP:
Placebo Average’

Week*treat 0 1 -1 drop*week*treat 0 &rall
-&rall;

contrast 'WhothAP: INT Groupl= INT Group2=
INT Placebo Average’

week*treat 1 0 -1 drop*week*treat &rall 0
-&rall,

week*treat 0 1 -1 drop*week*treat 0 &rall
-&rall;

*#*%hy treatment group intercept ;

estimate "T_IPA: INT Placebo Average'/**/

intercept 1 treat 0 0 1 drop &rp drop*treat 0 0
&rp;

estimate
Average'/**/

treat 1 0 -1 drop &dgl drop*treat &rgl 0 -&rp;
"T_12AP: INT Group2 over Placebo

Week (Slope) Group2 over

"T_ITAP: INT Groupl over Placebo

estimate
Average’

treat 0 1 -1 drop &dg2 drop*treat 0 &rg2 -&rp;
"T_IbothAP: INT  Groupl= INT
Group2= INT Placebo Average’

treat 1 0 -1 drop &dgl drop*treat &rgl 0 -&rp,

treat 0 1 -1 drop &dg2 drop*treat 0 &rg2 -&rp;

****hy treatment group slope;

"T_WPA: Week

contrast

estimate (Slope)  Placebo
Average’

week 1 Week*treat 0 0 1 drop*week &rp
drop*week*treat 0 0 &rp;

estimate "'T_W2AP: Week (Slope) Groupl over
Placebo Average’

week*treat 1 0 -1  drop*week  &dgl
drop*week*treat &rgl 0 -&rp;

estimate 'T_W2AP: Week (Slope) Group2 over
Placebo Average’

week*treat 0 1 -1 drop*week  &dg2
drop*week*treat 0 &rg2 -&rp;
"T_WbothAP:

Group2= INT Placebo Average'

contrast

INT Groupl= INT

week*treat 1 0 -1  drop*week  &dgl
drop*week*treat &rgl 0 -&rp,
week*treat 0 1 -1 drop*week  &dg2

drop*week*treat 0 &rg2 -&rp;

run;
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