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[ Abstract] Conventional prediction model, as a static prediction model, can be only used to
predict the probability of the occurrence of an event during the observation period using the
information available at baseline survey. However, based on current clinical demands, dynamic
prediction, which obtains prediction probabilities for both baseline survey and later time points
given the history of the events and covariates up to that time, is gaining a growing attention. As a
dynamic prediction model, the landmarking approach is simple, easy to use, computationally
efficient and has a comparable performance of joint modeling, which makes it to be widely used in
recent researches. Because of its limited application in China, this paper makes a brief introduction
of its ideas and basic application to further promote its applications in clinical dynamic prediction.
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